151N INITATGUNMUAZa 151504 1T52uTn TV 1 atuil 3 gareu-5ua1Au 2564

Uy rUszhugnienisunng

Artificial intelligence in medicine

ngy Ingaadve
Krit Koyvanich
UNTINEIFENNYITAITNT TN UYAUNIYY
Kasetsart University, Bangkhen Campus
E-mail: netnuanyai@gmail.com
UNANED

o
v 7 '

wndfidemngymanainlutgiudndudedidoyadusnunnileussneunsitdeds duseinis
vseAnuRaUnGveUly Teyadualiuszinneng q 3nviesdURns saulutannanennsdad@ine) deyausas
yiadndudosinisssifiutazimuanuimiaan snewerdingr mslduselovinntygusziugiie
atfuayunszuunsUiinuazitondnidssnsitedeiiianain InesanedfiunsFeusuvuuiufansa
Fansteyamanisunmduszsiandng q wazannsaysannsiiiiiunadvsAdavamyliudalfidue o
unanaivinsdmanadaaudsmyiudygUssivsinanvimansunnd wutilaseessuudszam
denduiifeuldinn nufniseunemahanulasavesdyyssivsiiReadesiulassineyssamiion
LLasmi‘wumumwﬁﬂ{]ﬁyzywﬂszawﬁﬁ'u 9 WU F5UU fuzzy expert NMSATUIUTIIINUING LAY T8UUDIRTY
wuulauin drugninmnldiuanunisainsaadniunnseiu

o o w

Aandgy: Jeyausehvg, lnssneussamidiion, Msauandadiuunnis

Abstract

Today's clinical specialists need to use a large amount of data to support their diagnosis, ranging from
patient symptoms or abnormalities, various types of biochemical data from laboratories, and radiological
images. Each type of data requires specific assessment and pathological guidelines. The use of artificial
intelligence to support the workflow and avoid misdiagnosis, where adaptive learning algorithms can
handle different types of medical data and integrate them well with pre-categorized results, is needed.
This article surveys Al expertise techniques across all medical fields, with artificial neural networks being
the most popular. A brief discussion of Al related to artificial neural networks is also provided, and a
review of other Al techniques, such as fuzzy expert systems, evolutionary computing, and hybrid
intelligent systems, are all applied to different clinical scenarios.
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